NREM sleep in the rodent neocortex and
hippocampus reflects excitable dynamics
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Sleep function relies on internally-generated dynamics in neuronal .
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sha.rp wave rlpplgs m the.hlppocampus, t.hese dynamic patterns, though ?nydnjcn;ljcs distinguished by whether UP/DO transitions are noise- or adaptation Esi;igitfl::; ar;cap::incrglpt 2. Plot Nullclines, time course and do the bifurcation
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how such states enable the transfer of neural signals between areas, = ] while a bistable-focused 0.4 - -\_ & J
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6. Conclusion
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Our findings demonstrate that distinct excitability
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Source: (Levenstein et al., 2019, p. 2) oscillatory regime. 75 m for their interaction. Our analysis also highlights how

neural drive and the balance between excitation and

In the Neocortex, the local field potential (LFP) features slow waves,
characterized by cycles of neuronal spiking (UP states) and
hyperpolarization (DOWN states). The Hippocampus during NREM sleep

Analysis of simulated duration
distributions to a representative
parameter plane and I-b plane.

adaptation govern a range of dynamical regimes,
characterized by the stability of UP and DOWN states,

is characterized by sharp wave-ripple events, which are bursts of Considering the population’s effective input/output relation (I/O curve) to know how the mirroring the asymmetrical durations seen in NREM
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